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Recent Related Work

Perceptrons can learn time series, generate chaotic time
series (Freking et. al., 2002)

Upper bounds for number of steps to converge for
continuous perceptrons using online gradient learning
(Wu et. al., 2003), and for boolean muiltilinear
perceptrons (Carmesin, 1994)

Learning generalization and information capacity of
perceptrons studied via replica method (Watkin et. al.,
1993)

Order of magnitude comparisons of learning rates for
batch, online, and cyclic learning (Heskes et. al., 19906)
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of the mean for (0,0,0,0) would be 23.73/+/2000

TOo compare note that e.g. the standard error
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Conclusion

« To paraphrase Santayana: Even the behavior of
the most complicated and elaborately realistic
model for a complex system is bound to be
reflected in the simplest possible model

* The simplest possible model permits us to
examine how changing only a few parameters
affect the behavior of a complex system

* The perceptron is such a simple model, and
hence needs to be understood thoroughly as
one of the conceptual building blocks of complex
neural networks
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